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1. Introduction

In industrial practice, maintenance and spare 

parts costs often constitute a large part of the 

total production costs. Maintenance costs can 

rise to sixty percent of production costs and up 

to a third of these costs may be due to 

unnecessary or poorly executed maintenance 
[1]. Therefore, many studies have been 

performed to control and reduce maintenance 

costs under different maintenance policies, such 

as CM, PM, and CBM. An effective CBM can 

reduce the number of failures and increase 

productivity, availability, and safety [2]. For 

CBM, signals and data are collected from 

critical units and processed to monitor the 

machine’s state. Based on fault detection 

thresholds, maintenance monitors and controls 

degradation until the new spare part is installed 

to avoid catastrophic failure. Spare parts 

inventory and management influence 

maintenance effectiveness and cost. Delays in 

spare parts provision, logistic problems, spare 
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quality, and spare deterioration during storage 

have to be considered for a successful 

maintenance and production plan. 

Several researchers investigated the 

maintenance and spare parts problems [3-5]. In 

real-world systems, the operation planning, 

maintenance, and spare parts inventory 

management for these systems are difficult 

tasks because several dependencies can exist 

among the system components. These 

dependencies can be grouped into four types 

[6]: structural, resource, stochastic, and 

economic. An optimal maintenance and spare 

parts inventory plan should consider these 

dependencies and the relations among the 

different components. Structural dependence 

concerns the relationships among the different 

components deriving from the system 

configuration:  series, series-parallel, K out of 

N, and so on. CBM has been intensely 

investigated for this type of system 

configuration [7, 8]. Resource dependence 

comes from the fact that resources in an 

industrial plant are usually limited. Staff and 

labor, storage room, budget, suppliers, and 

logistics for a system may be restricted and, 

thus, need to be shared: for instance, three 

machines share the same specified bearing as a 

spare part and the number of maintenance 

workers is limited. This type of dependence can 

decrease system availability and should be 

considered at the planning level. Deterioration 

and failure processes of different units can be 

dependent; this dependence is called stochastic 

dependence. For example, in failure-induced 

damage, component failure can lead to damage 

and even failures of other components. A 

combined CBM and Age-Based Maintenance 

(ABM) policy could be implemented in this 

case. In load-sharing, different components 

share the total load so that when one component 

is failed the others increase their load to ensure 

system operation. Common cause failure modes 

are also critical: a failure cause can damage 

several units of the system and this can defeat 

any redundancy allocated by the designer. 

Economic dependence influences the 

relationships between maintenance processes. 

Sometimes, if two maintenance tasks are 

opportunely performed together, the total cost is 

decreased. In other situations, this influence is 

inverse, and the total cost is increased. This 

dependence should be considered if it exists. 

Some of these dependencies have been studied 

by researchers in the past years.  Marseguerra et 

al. [9] determined the optimal CBM for series-

parallel systems. Load-sharing dependence was 

considered too. Zhang et al. [10] investigated a 

system where each component can be subject to 

two deterioration processes (normal and 

accelerated). They concluded that the costs of 

ignoring stochastic dependence increase 

significantly with the number of components 

and the degree of dependence. Keizer et al. [11] 

considered a dynamic policy structure for a 

system with load sharing, economic, and 

performance dependencies. They demonstrated 

that their policy outperforms a single preventive 

replacement threshold policy, and those 

preventive replacements should be 

accomplished at an early stage for a system with 

a strong degree of load-sharing. 

As mentioned above, spare parts availability 

influences maintenance efficiency. Studies on 

spare parts have been started since the 1970s 

[12]. The earlier studies focused on simple 

systems, and recently complex systems with 

several dependencies have been considered. 

Alenka et al. [13] investigated the joint 

optimization problem of periodic batch 

replacement and periodic spare procurement. 

Israel et al. [14] considered an intelligent 

maintenance system, based on a hybrid model 

with mixed linear programming (MILP) 

simulation and accommodating demand 

information. They studied supply chain effects 

on spare parts management and sought a cost 

reduction in the supply chain to reduce spare 

parts shortage and, consequently, production 

shutdown. Wang et al. [15] studied the 

modeling and control of the spare parts for a 

system monitored during operation. They found 

the optimal preventive maintenance threshold 

to satisfy the spare parts support requirements.  

Nguyen et al. [16] investigated a multi-

component system to find the optimal PM and 

inventory strategy. They jointly applied a 

prognostic condition index and the structural 

importance measure of components to propose 

thresholds for maintenance and spare parts 

ordering. Economic dependence was also 

considered. Liao and Rausch [17] proposed a 
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joint production and spare part inventory 

control algorithm for manufacturing equipment 

with a critical unit controlled by CBM. They 

used a two-stage algorithm wherein the stock 

level is first determined, and the maintenance 

threshold is calculated in the second stage. 

Wang et al. [18] investigated systems that 

consist of multiple series-parallel degrading 

components. They proposed a policy for spare 

parts ordering based on criticality importance 

measures. Their policy mainly consists of two 

steps: (1) determine which components to be 

replaced; (2) determine when to order spares for 

selected components. Their method can 

minimize the expected replacement cost during 

the once-replacement cycle. Chen et al. [19] 

proposed a new failure probability estimation 

function developed simultaneously based on 

component service time and degradation extent. 

They determined the optimal replacement and 

spare parts ordering times according to the 

estimated failure probability. Zhang and Zeng 

[20] investigated identical multi-unit systems to 

find the best periodic condition-based 

opportunistic preventive maintenance (CBOM) 

and safety policy for spare parts management. 

Jiang et al. [21]  provided a joint optimization 

policy for maximum inventory level and 

maintenance cost. By using the Monte Carlo 

method, their policy found the best total cost 

rate for a system. They showed that the 

proposed policy was better than policies that do 

not consider the deteriorating inventory 

information. Dreyer et al. [22] discussed the 

challenge of determining the optimal number of 

spare parts for a machine using condition 

monitoring data. They proposed a service 

concept to optimize the number of spare parts 

by minimizing the total costs. Keizer et al. [23] 

applied Markov Decision Processes to obtain 

the optimal replacement decisions that 

minimize the long-run average cost per time 

unit. They investigated a load-sharing system 

with economic dependence and demonstrated 

that the load-sharing effects among components 

could lead to a significantly more expensive 

maintenance policy. Although load-sharing and 

multi-state configuration are frequently applied 

as a solution to improve the system and increase 

performance, these types of dependencies 

modeling via joint maintenance policy and 

spare parts strategy are rare. This paper 

investigates this subject, and modeling of 

maintenance and spare parts strategy is carried 

out. The main contributions of this paper to the 

existing literature are in the following areas: 

• Multi-state systems with load-sharing 

dependence are considered, and maintenance 

policies and spare part inventory 

management for this system are jointly 

studied.  

• Significant parameters' effects on the system 

are studied. The existing literature has not 

considered supplier and storage influences on 

the system performance. The result shows 

that these parameters influence the system 

performance and a new equation for the total 

cost is proposed based on storage, spare 

parts, shutdown time, and replacement costs.  

• Uncertainty in the maintenance times was 

considered as the normal distribution. In 

industrial practice, this subject is very 

important, as it affects production and 

maintenance planning.  

 

2. The multi-state system with load-sharing 

dependence 

 

In industrial practice, a system may produce 

multiple levels of output. This system is called 

a multi-state system and its reliability is 

determined based on an acceptable level of 

output performance. Multi-level outputs may be 

produced by using different dependencies, such 

as K out of N and load-sharing configurations. 

In this paper, load-sharing dependence is 

considered. 

A load-sharing system, in particular, refers to a 

parallel system whose machines/components 

share the system function [24]. In this setup, 

when one of the machines fails, the others also 

carry its load. Since these other machines/ 

components would operate under more stressful 

conditions, they would experience a higher rate 

of failure than when operating in nominally 

shared conditions. For instance, a system uses 

three machines; when one machine fails, the 

other two machines operate under increased 

stress levels. To account for this, we introduce 

a parameter called the load-sharing factor. This 

parameter defines the stress level induced onto 

a machine when working in a non-nominal 
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situation. In this study, the load-sharing factor 

depends on the production capacity ratio when 

a machine is stopped; this factor defines the 

increasing stress level on the remaining 

machines (Eq. (1)):  
 

𝑀𝑖,𝐿𝑆𝐹 = 1 +
(𝑆𝐴𝑂 − 𝑅𝐶)

𝑀𝑖𝐶 
× 𝑀𝑖𝑃 

(1) 

 

where 𝑀𝑖,𝐿𝑆𝐹 is the load-sharing factor, 𝑀𝑖𝐶 

defines machine i capacity in a normal situation 

and SAO is the acceptable system output that 

defines the system's success. The RC is the 

capacity reduction when a machine is stopped 

and 𝑀𝑖𝑃 defines the machine i portion of work 

in the system under normal conditions. 

Fig. 1 illustrates a simple two-machine load-

sharing behavior. This shows the stress 

variation on a machine according to its state and 

the other machine's state. 

 

3. System definition 

 

Consider a system consisting of k machines. 

The set I = {1, 2, … , k} denotes the set of 

machines. These machines are in a load-sharing 

configuration. When a machine is stopped or 

shut down for maintenance, the other machines 

work at a higher level of stress to compensate 

by taking charge of the missing load, so that the 

system output level is held. After repair, all 

machines return to work at normal stress levels. 

Availability (A) of the system is computed as 

the ratio of the working time to the total time. 

Each machine may be preventively stopped for 

maintenance based on a predefined schedule 

(preventive maintenance, PM) or replaced by a 

spare part. Preventive maintenance is 

performed at the defined times T = {t1, t2, . . . , 

tn}. It is supposed that when a machine is 

preventively stopped for a spare part 

replacement, all PM tasks that should be 

performed close to this time are opportunely 

accomplished too. Also, each machine may 

have two or more components monitored for 

CBM. 

The dependence among components of a 

machine is assumed as a series dependence: 

when a component of a machine is damaged and 

the machine is stopped for PM, the other 

components stop too, but only the damaged 

component is replaced with a spare part. Times 

to replace the damaged parts are denoted as 

{𝑡𝑟1,1, 𝑡𝑟1,2, … , 𝑡𝑟𝑚,𝑛}, where m is the machine 

index and n is the spare part index. Trmn is the 

Reaming Useful Lifetime (RUL), estimated in 

terms of a statistic distribution. In this paper, a 

specified Weibull distribution is applied for 

each component. Spare parts ordering times are 

also denoted as {𝑡𝑜1,1, 𝑡𝑜1,2, … , 𝑡𝑜𝑚,𝑛}. If the 

spare parts provision strategy is incorrect, a 

spare part may not be delivered on time, and this 

may lead to the system shutdown and inefficient 

production costs. While in storage, a spare part 

can deteriorate. In this study, we also consider 

the storing cost in the model. 

Suppliers define a spare part's quality, price, 

and delivery time. If the delivered part is of 

inferior quality, the system life can change and 

the next showdown occurs sooner than 

expected. Also, the supplier defines the price of 

spare parts; this cost directly affects the total 

cost of maintenance and operation. In this 

paper, the supplier effect is also studied, and 

assume that at least two suppliers can provide 

each part of a machine. Each supplier has a 

specified quality, delivery time, and cost, 

defined as follows: 

 
{𝑆𝑢𝑝𝑖 = (𝑐𝑜𝑠𝑡 𝑖, 𝑞𝑢𝑎𝑙𝑖𝑡𝑦 𝑖, 𝐷𝑒𝑙𝑖𝑣𝑒𝑟𝑦𝑡𝑖𝑚𝑒 𝑖),
𝑖 = 1, … , 𝑙 𝑛𝑢𝑚𝑏𝑒𝑟 𝑜𝑓 𝑠𝑢𝑝𝑝𝑙𝑖𝑒𝑟𝑠}. 

 

A normal distribution (𝑡𝑠𝑢𝑝𝑖 ≡ (𝜇𝑖 , 𝜎𝑖)) 

describes uncertainty in the delivery time 

 

3.1. The total cost maintenance 

 

Maintenance and spare parts costs can be the 

main portions of the operation cost. If an 

effective maintenance policy is implemented at 

a lower cost, the operation cost is decreased too. 

Although several formulas have been proposed 

to determine system cost, in this study, new 

parameters and states are considered, and a new 

formula is proposed. 

In this formula, consideration is also given to 

the spare parts cost, replacement cost, PM cost, 

shortage cost, and storage room cost are 

necessary. Thus, the total cost is derived as 

given in Eq. (2). 
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Fig. 1. Stress variation for a simple two-machine load-sharing system. 
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(2) 

 

where TC is the total cost, and m and n indicate 

the number of machines and spare parts for each 

machine, respectively. Csij defines the spare 

part cost and the CRij defines the replacement 

action cost for a spare part. Stopping or 

shutdown events add a system cost ShC and 

when a spare part k needs to be stored, the STCk 

cost is accounted for. Sm is the number of 

system stops and Sn defines storage times. Also, 

ShC can be calculated by: 

 

𝑆ℎ𝐶𝑖,𝑗 = 𝑆𝑇𝑖,𝑗 × 𝐶𝑠 (3) 

 

where 𝑆𝑇𝑖,𝑗 is the duration of stoppage of the 

system production because the system is down 

and unavailable, and Cs indicates the penalty 

for a one-hour production stoppage.  

In this paper, a framework for jointly modeling 

CBM and spare parts strategy parameters for a 

multi-component system are proposed.  

4. Multi-state load-sharing system modeling 
 

In this paper, multi-component systems with 

multi-state configuration and load-sharing 

dependence are considered. Also, opportunistic 

maintenance is considered as economic 

dependence. Furthermore, uncertainty is 

accounted for because of its effect on the 

maintenance and production programs. Monte 

Carlo simulation is applied to estimate system 

availability and cost. Around 10000 runs are 

performed to obtain accurate results. 

Component failures are randomly sampled from 

Weibull distributions and PM tasks, such as oil 

and lubricant change, are performed based on a 

specified timetable. It is assumed that when a 

spare part is replaced, the preventive 

maintenance tasks are also opportunistically 

carried out and the machine starts working as 

well as new. The system is assumed to have 

failed when the system output is less than a 

specified level. 
 

4.1. Reliability modeling 
 

In load-sharing systems, stress on a component 

changes according to the system situation. The 

reliability of a component is computed as 

conditional reliability, as follows [25]: 
 

𝑅(𝜏|𝑡) =
𝑅(𝑡 + 𝜏)

𝑅(𝑡)
 (4) 
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where 𝑅(𝜏|𝑡) is the component reliability of a 
component worked until t and should continue 
to work for a duration 𝜏, 𝑅(𝑡) is the component 
reliability at the specified time t, and 𝑅(𝑡 + 𝜏) 
indicates the component reliability at the end of 
the duration time (𝑡 + 𝜏). If the stress level has 
varied for q times before this time, Eq. (5) is 
used to determine the component reliability: 
 

𝑅(𝑡 + 𝜏)

=  𝑅(𝜏|𝑡) × (∏ 𝑅(𝑡𝑖+1|𝑡𝑖)

𝑞

𝑖=0

)

× 𝑅(𝑡𝑖) 

(5) 

 
where the time duration for each stress level is 
derived as (𝑡𝑖, 𝑡𝑖+1) and 𝑅(𝑡𝑖) is the reliability 
at time ti.  
A specified Weibull distribution determines the 
RUL of a component, and when stress is varied, 
the distribution parameters are updated. The 
shape parameter (Beta) is assumed constant, 
and only the scale parameter (Alfa) is changed. 
Based on the accelerated life testing principle 
[24, 25], the new Alfa can be derived as follows: 
 

𝐴𝑙𝑓𝑎𝑖+1 = 𝐴𝑙𝑓𝑎𝑖 × 𝑀𝑗,𝐿𝑆𝐹 (6) 
 

where 𝑀𝑗,𝐿𝑆𝐹 is calculated by Eq. (1).  

When the stress level is changed (increased or 
decreased), the RUL is updated and if the 
reliability is lower than the predefined value, a 
spare part should be ordered and when the 
machine is stopped, the component is replaced. 
 
4.2. Monte Carlo simulation 
 
In this section, an algorithm is proposed based 
on the Monte Carlo method and system logic for 
evaluating system availability and cost. We 
sketch the overall framework of this algorithm 
in Fig. 2 and detail it as follows: 
1. System definition: In this step, all system 
parameters are defined, such as the number of 
components, PM table time, number of 
suppliers, and so on. 
2. Components lifetime, PM, and order times 
are computed. In this step, the expected times 
when machines are stopped for repair are 
computed, also ordering times for spare parts 
provision are determined. Ordering time is 
computed based on the reliability threshold for 
each machine as follows: 
 

𝑂𝑟𝑑𝑒𝑟𝑖𝑛𝑔 𝑡𝑖𝑚𝑒
=  𝐸𝑥𝑝((𝐿𝑛(𝑙𝑛(1 / 𝑅∗))  
+  𝑏𝑒𝑡𝑎 ×  𝑙𝑛(𝐴𝑙𝑓𝑎)) /𝑏𝑒𝑡𝑎)  
−  𝑤𝑜𝑟𝑘𝑖𝑛𝑔𝑡𝑖𝑚𝑒 

(7) 

 

where R* defines the reliability threshold for a 
component. 
3. Determine the nearest repair time for active 
machines; each machine has three stop times for 
PM task, first spare part replacement and 
second spare part replacement.  
4. If PM should be conducted, the time duration 
(∆) for PM is sampled from the normal 
distribution. Also, the next stop time of other 
machines (Tn) is computed. 
5. If a critical component controlled by CBM 
should be replaced, the repair duration (Δ) is 
computed and spare part provision is checked 
too. Repair duration is defined as follows: 
 

Δ= Repair time + Delay (8) 
 

 

 
Fig. 2. An overall framework of the Monte Carlo 

simulation procedure. 
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Repair time and delay are normal random 

variables. The delay depends on spare parts 

ordering, replacement times, and the 

provisioning process; thus, it is defined as 

follows: 
 

𝐷𝑒𝑙𝑎𝑦= O𝑟𝑑𝑒𝑟𝑖𝑛𝑔 𝑡𝑖𝑚𝑒 + D𝑒𝑙𝑖𝑣𝑒𝑟𝑦 

𝑑𝑢𝑟𝑎𝑡𝑖𝑜𝑛 − R𝑒𝑝𝑙𝑎cement 𝑡𝑖𝑚𝑒  
(9) 

 
Delay > 0 means that the component fails and a 

spare part is not yet available. Delay <0 means 

that the spare part has been stored; therefore, 

storage cost is calculated based on storing 

duration and cost per hour. Delay = 0 defines 

that the spare part is provided on time and 

without delay. 

6. New RULs and PM are calculated for other 

machines because of stress variation. The next 

time of stop (Tn) for these is determined again. 

7. Compare Tn with Δ. If Tn is greater than the 

repair duration (Δ), the system continues its 

mission without any problem. If the repair 

duration (Δ) is greater than Tn, the system is 

stopped. Thus, the new times for spare parts 

provision and maintenance are determined. 

These new times should be compared with other 

machines' times for shutdown time 

determination. Check the working time. If 

working time is greater than 2000 hours (the 

mission time considered in this study) and the 

simulation iteration number is less than 10000 

(the number of repeated Monte-Carlo runs 

considered in this study), the whole procedure 

is repeated. Otherwise, the simulation stops, 

and the system cost (C) and availability (A) are 

computed. Uncertainty in maintenance affects 

production planning. To consider the 

uncertainty in maintenance times, such as 

delivery, PM, and replacement times, these 

times are described by normal distributions (μ, 

σ) and sampled as in Eq. (8). 

 

5. Results and discussion 

 

The influence of the characteristic parameters 

on the system performance is studied. Assume 

the system includes two machines. Also, it is 

assumed that the other parameters are not varied 

to investigate the influence of one parameter on 

the system performance. In the rest of the paper, 

firstly, the simple load-sharing system is 

considered, and then, the multi-state system 

with load-sharing dependence is studied. 
 

5.1. Load-sharing system 
 

5.1.1. Ordering time influence 
 

The spare parts ordering time is an essential 

parameter of CBM and spare parts 

management. Often, the ordering time is strictly 

correlated to failure or fault detection time. 

Commonly, industries use expensive and 

advanced instruments to detect degradation, and 

spares are replaced before unexpected and 

cataphoric failures. In this paper, ten spare parts 

ordering times are considered to evaluate the 

ordering time (failure detection time) influence 

on system performance. These times are 

determined based on the failure probability. If 

the ordering is carried out immediately after 

replacement and repair, it is assumed that the 

failure probability is zero. If the ordering is 

carried out when a machine is stopped and 

needs a new spare part, it is assumed that it is 

ordered at zero reliability or failure probability 

=1. The results are shown in Figs. 3 and 4. 

If a spare part is ordered when reliability is high, 

the total cost is affected by the storage cost, 

whereas if it is ordered close to the breakpoint 

and replacement time, the total cost is 

controlled by the shutdown cost. 
 

 
 Fig. 3. Ordering time influence on the total cost of 

the system. 

 
Fig. 4. Ordering time influence on the system 

availability. 
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These results show that the total cost depends 

on the ordering time, as expected; if a spare part 

is ordered at an incorrect time, the cost could be 

excessively increased. 

However, orders should also be carried out with 

storing and replacement considerations, for this 

case, when the spare part is ordered after the 

shutdown, the cost is maximum [26]. Because 

the system waits for spare parts delivery and 

replacement, and the other components should 

work for longer times under stressful conditions 

so that, the failure probability is increased and 

system availability is decreased (Fig. 4). When 

storage is immediately replenished after 

replacement, the spare part is stored and the 

total cost is increased (Fig. 3). But ordering at 

this time cannot increase system availability 

more than a specified value (Fig. 4).  

Fig. 4 shows that the best availability is 

obtained when the probability of failure is 

<=0.5 and if an order is carried out in the 

interval (0.0, 0.5), the availability is constant 

and its variation can be ignored. From the 

technical point of view, if CBM devices cannot 

detect a failure in this interval, it is not very 

important because cost and availability are 

approximately constant. 
 

5.1.2. Suppliers influence 
 

Suppliers selection is the main issue in supply 

chain management. The influence of suppliers 

has been ignored in the joint analysis of spare 

parts inventory and maintenance management 

for manufacturing systems. In this paper, this 

significant factor is investigated. It is assumed 

that two suppliers can provide the spare parts; 

each supplier has a specified quality level, cost, 

and delivery time. It should be noted that the 

quality of both suppliers satisfies the system 

requirements and standards. In this section, the 

influence of these parameters is discussed. Fig. 

5 shows the influence of the supplier on the 

system cost. When spare parts are provided by 

supplier B, the probability of selection of B is 

one, and when others provide these, this 

probability is zero. 

In this case, supplier B can provide cheaper 

spare parts than A. Consequently, when the 

probability of selection for supplier B is 

increased, the cost is reduced. The influence of 

the supplier on the system cost and availability 

is not constant and may vary depending on the 

supplier's characteristics and parameters. For 

instance, if supplier B provides the first spare 

part with better quality and the second spare 

part with inferior quality (each machine has two 

types of spare parts), this situation is captured 

in Fig. 6. 

This variation is related to the quality and cost 

of spare parts, and the quality reduction may 

reduce system cost, but the lifetime is reduced 

and maintenance cost is increased. Thus, the 

final availability performance and cost are 

computed based on this interaction. 

In Fig. 6, when the first spare part can 

compensate for the second spare part's 

weakness, the system availability is increased 

and the total cost is reduced (case 1). 

  
Fig. 5. Supplier selection influence on the system 

cost-case 2. 

 

 
Fig. 6. Supplier selection influence on the system 

cost- case 1. 
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Fig. 5. Supplier selection influence on the system 

cost-case 2. 

 

Fig. 6. Supplier selection influence on the system 

cost- case 1. 

 



JCARME        Reliability, availability, and . . .                 Vol. 13, No. 1 

47 

If the influence of the second spare part is 

dominant, the total cost is increased and the 

availability increase is stopped (case 2).   

Fig. 7 shows the influence of the probability of 

selection of supplier B on the system 

availability for these cases. 

In Fig. 7, it is assumed that the system includes 

identical machines (configuration A). Assume 

this configuration is changed and the production 

rate of a machine is two times that of the other 

(configuration B). When a machine is stopped, 

the production rate of the other needs to be 

increased three times. This machine uses two 

different spare parts, and the quality and cost of 

the suppliers for them are not the same. Supplier 

B provides the first spare part with lower quality 

and more cost than supplier A and delivers the 

second part with higher quality than it and equal 

cost to supplier A. Thus, the influence of these 

suppliers is not simple and decision-making is 

not easy. Fig. 8 shows the influence of these 

configurations on the system availability. For 

configuration A, when supplier B's role is 

increased, the availability is increased since, in 

this situation, quality is improved. However, for 

configuration B, this influence is not the same 

as in configuration A.  

The delivery time is another significant factor 

that depends on supplier selection. Delay in 

spare part delivery increases the shutdown 

duration and the total cost while it reduces 

availability.  

5.1.3. Load-sharing factor 

When a machine with load-sharing dependence 

is stopped, the stress is increased on others [27]. 

Fig. 7. Supplier selection influence on the system 

availability 

Fig. 8. System configuration and supplier influence 

on the availability 

Assuming a system includes two machines, Fig. 

9 illustrates the influence of the load-sharing 

factor of the first machine on the total cost of 

the system. For this example, when the load-

sharing factor is 2, the total cost is the 

minimum. Because of load-sharing variations, 

the system stress condition is changed and the 

failure probability for a machine is increased. 

Also, this factor influences the system 

availability (Fig. 10).  

Fig. 9. Load-sharing factor influence on the system 

cost 

Fig. 10. Load-sharing influence on the system 

availability 
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The maximum availability is obtained when 

load-sharing factor is 2. Although this influence 

is independent of the suppliers (Figs. 9-10); the 

part quality defines the optimum situation. Fig. 

11 shows the load-sharing factor's influence on 

this system's cost and availability. 

5.2. Multi-state systems 

Multi-state systems are designed to improve 

system performance and are frequently applied 

in different industries. If a load-sharing system 

can produce multiple output levels according to 

system configuration and load-sharing factor, 

we deal with a Multi-State-Load-Sharing 

system (MSLSS) [28-30]. Different parameters 

can influence this type of system performance.  

For instance, assume a load-sharing system 

with two machines, in which each machine can 

produce five levels of output. The system has 

ten states, corresponding to five levels of 

production output. Table 1 shows the states of  

the machines and the system. The system output 

is 100% in three states, and it is zero in one 

state, and in the other states, the output level 

depends on load-sharing and stress conditions.  

Fig. 11. Load-sharing factor influence on the 

system cost and availability- case 3 

Fig. 12 shows the different operating states of 

the system. In the first state, the production rate 

is similar to the parallel structure, and in the 

fourth state, the system output is 100 %. In the 

parallel state, the output is at the lowest level 

and 50 percent is acceptable; thus, availability 

is at the highest level and cost is at the lowest 

level because of the minimum stressful 

condition. This result shows that when the 

acceptable performance level for an MSLSS is 

reduced, the system cost also decreases while 

the availability increases. In the rest of the 

section, the influence of significant parameters 

on an MSLSS is considered. 

5.2.1. Ordering time effect 

In the previous sections, the influence of 

ordering time on the load-sharing system has 

been investigated. If one looks as MSLSS, the 

ordering time effect is similar to their effect in 

the load-sharing system. The influence may be 

decreased whenever the desired level of system 

performance is reduced. Fig. 13 shows that for 

a system with 66.6% desired production output, 

ordering time has no impact on the availability 

of the system. 

Fig. 12. The cost and availability of the MSLSS at 

different level outputs 

Table 1.  MSLSS definition. 
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But it becomes a crucial factor when it is close 

to the replacement time (e.g., probability of 

failure ≥ 0.95). This influence is vital for a 

system with 80% output if the probability of 

failure is higher than 0.7. Eventually, if 100% 

output is desired, ordering becomes significant 

the probability of failure is smaller than 0.5. 

This demonstrates that with the reduction of the 

stressful condition, the failure probability is 

also expected to decrease; therefore, spare parts 

can be ordered later, i.e., when the system 

attains 100% output.  

Fig. 14 illustrates the influence of the ordering 

time on the system cost. It is obvious that with 

the reduction of the system's stressful 

conditions, the system cost is subsequently 

reduced. For all states, when the ordering time 

is near the failure time, the spare and repair 

costs are likely to increase, and consequently, 

the total cost starts to increase. Accordingly, the 

cost increase depends on the output level, and 

this rise is smaller for the higher output. 

Fig. 13. The influence of ordering time on the availability for different levels of the MSLSS output 

 

Fig. 14. Influence of ordering time on the system cost for different levels of MSLSS output.
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5.2.2. Supplier selection effect 

In the previous section, the influence of supplier 

selection on the cost and availability was 

investigated for the load-sharing system. In this 

section, two configurations of MSLSS are 

studied that the sum of the machine output 

production for these systems is equal, but the 

production rates of machines are different; in 

configuration (1), production rates for two 

machines are equal, and in configuration (2) the 

production rate of the first machine is four times 

of the second machine. 

The spare parts of these systems are selected 

from two suppliers. Fig. 15 shows the system 

cost and availability for these cases. The 

influence of the supplier on the systems is 

similar and only when the supplier B portion is 

increased, there is a decrease in the total cost 

and an increase in the availability. 

The influence of the supplier on the cost and 

availability depends on the system logic. For 

instance, for configuration (2) and the desired 

output of the system are 80% of the normal 

condition output, the supplier effect on this 

system is different from it in configuration (1). 

In this situation, the cost and supplier selection 

follow a non-linear relationship (Fig. 16). 

Because supplier B provides two spare parts 

with different qualities but similar costs, i.e., the 

first spare part has a lower quality compared to 

the second spare part, but the costs are constant. 

The interaction between the quality and cost of 

the spare part overshadows the system 

behavior; when identical spare parts are applied, 

there is no such variation.

Fig. 15. The influence of the supplier selection on the system; (a) MSLSS availability and (b) MSLSS cost. 
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Fig. 16. Supplier selection influence on an MSLSS 

cost (configuration 2). 
 

5.2.3. Load-sharing factor effect 
 

In this section, the load-sharing factor is studied 

on an MSLSS. It is assumed that the acceptable 

output is 80% of the normal situation. Fig. 17 

shows that the respective influence is the same 

as a simple load-sharing (Figs. 8 and 9)  because 

the system structure and the relationship among 

load-sharing components are constant.  

 

6. Conclusions 

 

This paper considers spare parts inventory 

planning and maintenance modeling for a multi-

state system with load-sharing dependence 

under preventive maintenance and CBM policy. 

Opportunity maintenance tasks are carried out 

when a spare part is replaced. Load-sharing, 

ordering time, and supplier selection factors are 

investigated. These factors affect the system 

cost and availability and should be considered 

in the system cost and availability analysis and 

optimization. The interaction among these 

factors should also be taken into account 

because it can (further) affect system 

performance. The results show that the 

influence of the ordering time of spare parts, the 

acceptable output level of the system, and the 

load-sharing factor are important. In future 

works, other types of dependencies among 

machines, such as technical and resource 

dependencies, and other practical issues, such 

as product quality under the load-sharing 

situation, corrective maintenance, and 

production planning process, will be 

considered. 

 
Fig. 17. Influence of load sharing factor on the cost 

and availability of an MSLSS with 80% output. 

 

References 

 

[1]  R. K. Mobley, An Introduction to Predictive 

Maintenance. 2nd ed. Elsevier Science, 

(2002). 

[2]  F. Camci, "System maintenance scheduling 

with prognostics information using Genetic 

Algorithm". IEEE Trans. Reliab. Vol. 58, 

No. 3, pp. 539–552, (2009).  

[3]  F. Zahedi-Hosseini, Ph. Scarf and A. 

Syntetos. "Joint maintenance-inventory 

optimization of parallel production 

systems", J. Manu. Sys., Vol. 48, pp.73–86, 

(2018). 

[4]  E. F. Israel. A. Albrecht, E. M. Frazzon and 

B. Hellingrath. "Operation supply chain 

planning for integrating spare parts supply 

chain and intelligent maintenance system", 

IFAC Papers OnLine. Vol. 50, No. 1, 

pp.12428–12433, (2017). 

[5]  Ch. Xiaohui, Xu, Dawei  and Xiao, Lei. 

"Joint optimization of replacement and 

spare ordering for critical rotary component 

based on condition signal to date", 

Eksploatacja I Niezawodnosc – Maint. and 

Rel.; Vol. 19, pp. 76-85, (2016).  

[6]  O. Keizer MCA, SDP Flapper, RH.Teunter 

"Condition-based maintenance policies for 

systems with multiple dependent 

components: a review", Eur. J. Oper. Res., 

Vol. 261, pp.405–20, (2017). 

[7]  H. Li, E. Deloux and L. Dieulle, "A 

condition-based maintenance policy for 

multi-component systems with L´evy 

175000

180000

185000

190000

195000

200000

205000

210000

0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1

C
o

o
st

 (
$

)

Supplier b selection probability

MSLSS-80%

MSLSS-100%

50

70

90

110

130

150

170

190

210

0.5

0.55

0.6

0.65

0.7

0.75

0.8

0.85

1 2 3 4 5

C
o

st
 (

$
)

A
v
ai

la
b

il
it

y

Load sharing factor

https://www.sciencedirect.com/book/9780750675314/an-introduction-to-predictive-maintenance
https://www.sciencedirect.com/book/9780750675314/an-introduction-to-predictive-maintenance
https://www.sciencedirect.com/book/9780750675314/an-introduction-to-predictive-maintenance
https://www.sciencedirect.com/book/9780750675314/an-introduction-to-predictive-maintenance
https://ieeexplore.ieee.org/document/5200529
https://ieeexplore.ieee.org/document/5200529
https://ieeexplore.ieee.org/document/5200529
https://ieeexplore.ieee.org/document/5200529
https://www.sciencedirect.com/science/article/abs/pii/S0278612518301067
https://www.sciencedirect.com/science/article/abs/pii/S0278612518301067
https://www.sciencedirect.com/science/article/abs/pii/S0278612518301067
https://www.sciencedirect.com/science/article/abs/pii/S0278612518301067
https://www.sciencedirect.com/science/article/abs/pii/S0278612518301067
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
https://www.sciencedirect.com/science/article/abs/pii/S0377221717301881
https://www.sciencedirect.com/science/article/abs/pii/S0377221717301881
https://www.sciencedirect.com/science/article/abs/pii/S0377221717301881
https://www.sciencedirect.com/science/article/abs/pii/S0377221717301881
https://www.sciencedirect.com/science/article/abs/pii/S0377221717301881
https://www.sciencedirect.com/science/article/abs/pii/S0377221717301881
https://www.sciencedirect.com/science/article/abs/pii/S0951832015003634
https://www.sciencedirect.com/science/article/abs/pii/S0951832015003634
https://www.sciencedirect.com/science/article/abs/pii/S0951832015003634


JCARME        M. A. Farsi Vol. 13, No. 1 

52 

copulas dependency". Reli. Eng.  Sys. Saf., 

Vol. 149, pp. 44–55, (2016). 

[8] G. Maaroufi,  A. Chelbi, N. Rezg and A.

Daoud, "A nearly optimal inspection policy

for a two-component series system". J.

Qual. in Maint. Eng., Vol.  21, No. 2, pp.

171–185, (2015).

[9] M. Marseguerra, E. Zio and L. Podofillini,

"Condition-based maintenance 

optimization by means of genetic 

algorithms and Monte Carlo simulation". 

Reli. Eng.  Sys. Saf., Vol. 77, No.2, pp. 151–

165, (2002). 

[10] Z. Zhang, S. Wu, B. Li and S. Lee, " (n, N)

type maintenance policy for multi-

component systems with failure

interactions", Int. J. Sys. Sci., Vol. 46, No.

6, pp. 1051–1064, (2015).

[11] M. O. Keizer, R. Teunter and J. Veldman,

"Condition-based maintenance for systems

with economic dependence and load

sharing". Working paper, University of

Groningen, (2016).

[12] Sh. Brooke and C. C. Metric, "A multi-

echelon technique for recoverable item

control", Oper. Res., Vol. 16, No. 1,

122-141, (1968).

[13] B. Alenka & H., Alenka. "Joint

optimization of block-replacement and

periodic-review spare-provisioning policy

", IEEE Tran. on Reli., Vol. 52, No. 1, pp.

112-117, (2003).

[14] E. F. Israel, A. Albrecht, E. M. Frazzon, B.

Hellingrath, "Operation supply chain

planning for integrating spare parts supply

chain and intelligent maintenance system".

IFAC Papers online Vol. 50, No. 1, pp.

12428–12433, (2017).

[15] Y. Wang, H. Gu, J. Zhao, and Zh. Cheng.

"Modeling on spare parts inventory

control under condition based 
maintenance strategy", J. Shanghai

Jiaotong Univ. Vol. 21, No. 5, pp. 600-610,

(2016).

[16] K. A. Nguyen, Ph. Do, A. Grall. "Joint

predictive maintenance and inventory

strategy for multi-component systems

using Birnbaum’s structural importance",

Reli. Eng.  and Sys. Saf., Vol. 168, pp.

249–261, (2017).

[17] L. Haitao, M. Rausch, "Spare part 
inventory control driven by condition 
based maintenance", 2010 Proceedings -

Annual Reliability and Maintainability 
Symposium (RAMS), San Jose, CA, pp.

1-6, (2010).

[18] C. Wang, J. Xu, H Wang, Z. Zhang, 

"A criticality importance-based 

spare ordering policy for multi-

component degraded systems". 

Eksploatacja I Niezawodnosc– Maint. 

Rel., Vol.  20, No. 4, pp.  662-670, (2018).

[19] X. Chen, D. Xu, L. Xiao, "Joint

optimization of replacement and spare

ordering for critical rotary component

based on condition signal to date".

Eksploatacja I Niezawodnosc – Maint.

and Rel., Vol. 19, No. 1, pp. 76-85,

(2017).

[20] X. Zhang, J. Zeng. "Joint optimization of

condition-based opportunistic

maintenance and spare parts provisioning

policy in multiunit systems". European

Journal of Operational Research, Vol.

262, No. 2, pp. 479-498, (2017).

[21] Y. Jiang, M. Chen, D. Zhou. "Joint

optimization of preventive maintenance

and inventory policies for multi-unit

systems subject to deteriorating spare

part inventory", J. Manu. Sys., Vol. 35,

pp. 191–205, (2015).

[22] S. Dreyer, J. Passlick, D. Olivotti, B.

Lebek, M. H. Breitner (2018)

"Optimizing machine spare parts

inventory using condition monitoring

Data". In: Fink A., Fügenschuh A.,

Geiger M. (eds) operations research

proceedings 2016. operations research

proceedings (GOR (Gesellschaft für

operations research e.V.)). Springer,

Cham, (2016).

[23] M. C. A. O. Keizer, R. H. Teunter, J.

Veldman, M. Z. Babai. "Condition-based

maintenance for systems with economic

dependence and load sharing", Int. J.

Prod. Eco, Vol. 195, pp. 319–327,

(2018).

[24] M. Modarres, M. P. Kaminskiy, V.

Krivtsov. Reliability Engineering and

Risk Analysis: A Practical Guide. 2nd ed.

CRC Press, (2010).

https://www.sciencedirect.com/science/article/abs/pii/S0951832015003634
https://www.sciencedirect.com/science/article/abs/pii/S0951832015003634
https://www.researchgate.net/publication/276428890_A_nearly_optimal_inspection_policy_for_a_two-component_series_system
https://www.researchgate.net/publication/276428890_A_nearly_optimal_inspection_policy_for_a_two-component_series_system
https://www.researchgate.net/publication/276428890_A_nearly_optimal_inspection_policy_for_a_two-component_series_system
https://www.researchgate.net/publication/276428890_A_nearly_optimal_inspection_policy_for_a_two-component_series_system
https://www.researchgate.net/publication/276428890_A_nearly_optimal_inspection_policy_for_a_two-component_series_system
https://www.researchgate.net/publication/276428890_A_nearly_optimal_inspection_policy_for_a_two-component_series_system
https://www.sciencedirect.com/science/article/abs/pii/S0951832002000431
https://www.sciencedirect.com/science/article/abs/pii/S0951832002000431
https://www.sciencedirect.com/science/article/abs/pii/S0951832002000431
https://www.sciencedirect.com/science/article/abs/pii/S0951832002000431
https://www.sciencedirect.com/science/article/abs/pii/S0951832002000431
https://www.sciencedirect.com/science/article/abs/pii/S0951832002000431
https://www.tandfonline.com/doi/abs/10.1080/00207721.2013.807386
https://www.tandfonline.com/doi/abs/10.1080/00207721.2013.807386
https://www.tandfonline.com/doi/abs/10.1080/00207721.2013.807386
https://www.tandfonline.com/doi/abs/10.1080/00207721.2013.807386
https://www.tandfonline.com/doi/abs/10.1080/00207721.2013.807386
https://www.researchgate.net/publication/320858760_Condition-based_maintenance_for_systems_with_economic_dependence_and_load_sharing
https://www.researchgate.net/publication/320858760_Condition-based_maintenance_for_systems_with_economic_dependence_and_load_sharing
https://www.researchgate.net/publication/320858760_Condition-based_maintenance_for_systems_with_economic_dependence_and_load_sharing
https://www.researchgate.net/publication/320858760_Condition-based_maintenance_for_systems_with_economic_dependence_and_load_sharing
https://www.researchgate.net/publication/320858760_Condition-based_maintenance_for_systems_with_economic_dependence_and_load_sharing
https://www.researchgate.net/publication/320858760_Condition-based_maintenance_for_systems_with_economic_dependence_and_load_sharing
https://www.rand.org/content/dam/rand/pubs/research_memoranda/2006/RM5078.pdf
https://www.rand.org/content/dam/rand/pubs/research_memoranda/2006/RM5078.pdf
https://www.rand.org/content/dam/rand/pubs/research_memoranda/2006/RM5078.pdf
https://www.rand.org/content/dam/rand/pubs/research_memoranda/2006/RM5078.pdf
https://ieeexplore.ieee.org/document/1179815
https://ieeexplore.ieee.org/document/1179815
https://ieeexplore.ieee.org/document/1179815
https://ieeexplore.ieee.org/document/1179815
https://ieeexplore.ieee.org/document/1179815
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.sciencedirect.com/science/article/pii/S2405896317332998
https://www.researchgate.net/publication/308768473_Modeling_on_spare_parts_inventory_control_under_condition_based_maintenance_strategy
https://www.researchgate.net/publication/308768473_Modeling_on_spare_parts_inventory_control_under_condition_based_maintenance_strategy
https://www.researchgate.net/publication/308768473_Modeling_on_spare_parts_inventory_control_under_condition_based_maintenance_strategy
https://www.researchgate.net/publication/308768473_Modeling_on_spare_parts_inventory_control_under_condition_based_maintenance_strategy
https://www.researchgate.net/publication/308768473_Modeling_on_spare_parts_inventory_control_under_condition_based_maintenance_strategy
https://www.researchgate.net/publication/308768473_Modeling_on_spare_parts_inventory_control_under_condition_based_maintenance_strategy
https://www.sciencedirect.com/science/article/abs/pii/S0951832016308821
https://www.sciencedirect.com/science/article/abs/pii/S0951832016308821
https://www.sciencedirect.com/science/article/abs/pii/S0951832016308821
https://www.sciencedirect.com/science/article/abs/pii/S0951832016308821
https://www.sciencedirect.com/science/article/abs/pii/S0951832016308821
https://www.sciencedirect.com/science/article/abs/pii/S0951832016308821
https://ieeexplore.ieee.org/document/5448059
https://ieeexplore.ieee.org/document/5448059
https://ieeexplore.ieee.org/document/5448059
https://ieeexplore.ieee.org/document/5448059
https://ieeexplore.ieee.org/document/5448059
https://ieeexplore.ieee.org/document/5448059
http://yadda.icm.edu.pl/baztech/element/bwmeta1.element.baztech-22a2eca3-1165-4233-bf72-4095b78c3ef2
http://yadda.icm.edu.pl/baztech/element/bwmeta1.element.baztech-22a2eca3-1165-4233-bf72-4095b78c3ef2
http://yadda.icm.edu.pl/baztech/element/bwmeta1.element.baztech-22a2eca3-1165-4233-bf72-4095b78c3ef2
http://yadda.icm.edu.pl/baztech/element/bwmeta1.element.baztech-22a2eca3-1165-4233-bf72-4095b78c3ef2
http://yadda.icm.edu.pl/baztech/element/bwmeta1.element.baztech-22a2eca3-1165-4233-bf72-4095b78c3ef2
http://yadda.icm.edu.pl/baztech/element/bwmeta1.element.baztech-22a2eca3-1165-4233-bf72-4095b78c3ef2
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
http://www.ein.org.pl/2017-01-11
https://www.sciencedirect.com/science/article/abs/pii/S0377221717302230
https://www.sciencedirect.com/science/article/abs/pii/S0377221717302230
https://www.sciencedirect.com/science/article/abs/pii/S0377221717302230
https://www.sciencedirect.com/science/article/abs/pii/S0377221717302230
https://www.sciencedirect.com/science/article/abs/pii/S0377221717302230
https://www.sciencedirect.com/science/article/abs/pii/S0377221717302230
https://www.sciencedirect.com/science/article/abs/pii/S0278612515000035
https://www.sciencedirect.com/science/article/abs/pii/S0278612515000035
https://www.sciencedirect.com/science/article/abs/pii/S0278612515000035
https://www.sciencedirect.com/science/article/abs/pii/S0278612515000035
https://www.sciencedirect.com/science/article/abs/pii/S0278612515000035
https://www.sciencedirect.com/science/article/abs/pii/S0278612515000035
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://ideas.repec.org/h/spr/oprchp/978-3-319-55702-1_61.html
https://www.sciencedirect.com/science/article/abs/pii/S0925527317303456
https://www.sciencedirect.com/science/article/abs/pii/S0925527317303456
https://www.sciencedirect.com/science/article/abs/pii/S0925527317303456
https://www.sciencedirect.com/science/article/abs/pii/S0925527317303456
https://www.sciencedirect.com/science/article/abs/pii/S0925527317303456
https://www.sciencedirect.com/science/article/abs/pii/S0925527317303456
https://www.amazon.com/s/ref=dp_byline_sr_book_2?ie=UTF8&text=Mark+P.+Kaminskiy&search-alias=books&field-author=Mark+P.+Kaminskiy&sort=relevancerank
https://www.amazon.com/s/ref=dp_byline_sr_book_3?ie=UTF8&text=Vasiliy+Krivtsov&search-alias=books&field-author=Vasiliy+Krivtsov&sort=relevancerank
https://www.amazon.com/s/ref=dp_byline_sr_book_3?ie=UTF8&text=Vasiliy+Krivtsov&search-alias=books&field-author=Vasiliy+Krivtsov&sort=relevancerank
https://www.amazon.com/Reliability-Engineering-Risk-Analysis-Practical/dp/0849392470
https://www.amazon.com/Reliability-Engineering-Risk-Analysis-Practical/dp/0849392470


JCARME        Reliability, availability, and . . .             Vol. 13, No. 1 

53 

[25] M A. Farsi Principles of Reliability

Engineering, Symaye Danesh. Tehran.

(2016).

[26] M. K. Loganathan, O.P.Gandhi,

"Maintenance cost minimization of

manufacturing systems using PSO under

reliability constraint", Int J Syst Assur

Eng Manag. Vol. 7, No. 1, pp. 47-61.

(2016),

[27] M. A. Farsi, E. Zio, " Modeling and

Analyzing Supporting Systems for Smart

Manufacturing Systems with Stochastic,

Technical and Economic Dependences "

IJE TRANSACTIONS B: Applications,

Vol. 33, No. 11, pp. 2310-2318, (2020).

[28] Zh. Zeng, Sh. Du, Y. Ding," Resilience

analysis of multi-state systems with time-

dependent behaviors", App. Math Mod, 

Vol. 90, pp. 889-911, (2021). 

[29] W. Wang, Chao F., Sh. Liu, Y. Xiang,

"Reliability analysis and optimization of

multi-state sliding window system with

sequential demands and time

constraints", Rel. Eng. Sys. Saf., Vol.

208, pp.107449, (2021).

[30] Y Liu, Q. Liu., Ch. Xie, F. Wei,

"Reliability assessment for multi-state

systems with state transition

dependency", Rel. Eng. Sys. Saf., Vol.

188, pp. 276-288, (2019).

Copyrights ©2023 The author(s). This is an open access article distributed 

under the terms of the Creative Commons Attribution (CC BY 4.0), which 

permits unrestricted use, distribution, and reproduction in any medium, as 

long as the original authors and source are cited. No permission is required 

from the authors or the publishers. 

How to cite this paper: 

M. A. Farsi, “Reliability, availability, and maintainability modeling of

multi-state systems with load-sharing structure,”, J. Comput. Appl. Res.

Mech. Eng., Vol. 13, No. 1, pp. 39-53, (2023).

DOI: 10.22061/JCARME.2022.7962.2059 

URL: https://jcarme.sru.ac.ir/?_action=showPDF&article=1814 

https://www.gisoom.com/book/11208178/%DA%A9%D8%AA%D8%A7%D8%A8-%D8%A7%D8%B5%D9%88%D9%84-%D9%85%D9%87%D9%86%D8%AF%D8%B3%DB%8C-%D9%82%D8%A7%D8%A8%D9%84%DB%8C%D8%AA-%D8%A7%D8%B7%D9%85%DB%8C%D9%86%D8%A7%D9%86/
https://www.gisoom.com/book/11208178/%DA%A9%D8%AA%D8%A7%D8%A8-%D8%A7%D8%B5%D9%88%D9%84-%D9%85%D9%87%D9%86%D8%AF%D8%B3%DB%8C-%D9%82%D8%A7%D8%A8%D9%84%DB%8C%D8%AA-%D8%A7%D8%B7%D9%85%DB%8C%D9%86%D8%A7%D9%86/
https://www.gisoom.com/book/11208178/%DA%A9%D8%AA%D8%A7%D8%A8-%D8%A7%D8%B5%D9%88%D9%84-%D9%85%D9%87%D9%86%D8%AF%D8%B3%DB%8C-%D9%82%D8%A7%D8%A8%D9%84%DB%8C%D8%AA-%D8%A7%D8%B7%D9%85%DB%8C%D9%86%D8%A7%D9%86/
https://www.researchgate.net/publication/281001791_Maintenance_cost_minimization_of_manufacturing_systems_using_PSO_under_reliability_constraint
https://www.researchgate.net/publication/281001791_Maintenance_cost_minimization_of_manufacturing_systems_using_PSO_under_reliability_constraint
https://www.researchgate.net/publication/281001791_Maintenance_cost_minimization_of_manufacturing_systems_using_PSO_under_reliability_constraint
https://www.researchgate.net/publication/281001791_Maintenance_cost_minimization_of_manufacturing_systems_using_PSO_under_reliability_constraint
https://www.researchgate.net/publication/281001791_Maintenance_cost_minimization_of_manufacturing_systems_using_PSO_under_reliability_constraint
https://www.researchgate.net/publication/281001791_Maintenance_cost_minimization_of_manufacturing_systems_using_PSO_under_reliability_constraint
http://www.ije.ir/article_118855.html
http://www.ije.ir/article_118855.html
http://www.ije.ir/article_118855.html
http://www.ije.ir/article_118855.html
http://www.ije.ir/article_118855.html
http://www.ije.ir/article_118855.html
https://www.sciencedirect.com/science/article/abs/pii/S0307904X20305114
https://www.sciencedirect.com/science/article/abs/pii/S0307904X20305114
https://www.sciencedirect.com/science/article/abs/pii/S0307904X20305114
https://www.sciencedirect.com/science/article/abs/pii/S0307904X20305114
https://www.sciencedirect.com/science/article/abs/pii/S0951832021000181
https://www.sciencedirect.com/science/article/abs/pii/S0951832021000181
https://www.sciencedirect.com/science/article/abs/pii/S0951832021000181
https://www.sciencedirect.com/science/article/abs/pii/S0951832021000181
https://www.sciencedirect.com/science/article/abs/pii/S0951832021000181
https://www.sciencedirect.com/science/article/abs/pii/S0951832021000181
https://www.sciencedirect.com/science/article/abs/pii/S0951832018309608
https://www.sciencedirect.com/science/article/abs/pii/S0951832018309608
https://www.sciencedirect.com/science/article/abs/pii/S0951832018309608
https://www.sciencedirect.com/science/article/abs/pii/S0951832018309608
https://www.sciencedirect.com/science/article/abs/pii/S0951832018309608



